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Abstract— The high interest and overwhelming enthusiasm of the Indonesian people towards football make the participation of the
Indonesian National Team in international competitions a highly anticipated moment. One of the prestigious events that is eagerly
awaited is the Asian Cup U-23 2024, The Indonesian National Team participates in this competition, carrying the high hopes of
many that the players will deliver their best performance. Social media serves as an effective communication platform where the
public can express their opiniofi and feelings. Many Indonesians show their high enthusiasm through support, opinions, and
reactions to the performance of the Indonesian National Team in the 2024 U-23 Asian Cup, especially on Twitter. The sentiments
expressed by the public can be a valuable source of data to understand their responses to the team performance in the
competition. Therefore, proper, fast, and accurate data processing is requirecn analyze these sentiments. This research focuses on
the sentiment analysis of the public on Twitter regarding the performance of the Indonesian National Team players nm 2024 U-
23 Asian Cup. Public sentiments are classified into negative, neutral, and positive categories then will implementation Naive Bayes
and Support Vector Machine (SVM) algorithms, aiming to determine which algorithm provides the best accuracy in sentiment
classification. The study successfully collected a dataset of 3367 entries. It classified them into three different categories: positive
sentiment with 1597 entries, negative sent'm'm with 386 entries, and neutral sentiment with 1384 entries, with the help of the
TextBlob library. The testing resulis using the Naive Bayes algorithm obtained an accuracy rate of 82.81%, while the S'n
algorithm achieved an accuracy rate of 80.42% . This indicates that most of the public are satisfied with the performance of the
Indonesian National Team players in the 2024 U-23 Asian Cup, while some are less satisfied. The implementation of Naive Bayes
and SVM algorithms was able to provide excellent and accurate sentiment classification. This analysis is expected to provide a
deeper understanding of public perception t@ds the team's performance in the competition, as well as serve as an evaluation and
development material to improve the quality of the Indonesian National Team's performance in the future.
)
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1 INTRODUCTION

The dynamic evolution in the information technology
sector has resulted in beneficial effects on how people
acquire, organize, and distribute information efficiently and
in a timely manner [1]. Social media has become an
effective form of digital communication media that is highly
favored by the Indonesian public for obtaining and sharing
mformation [2]. Currently, many people use social media in
their daily lives as a platform to share views on various
topics, making it a precious source of data [3]. Therefore,
effective data processing and documentation are essential to
produce information that can be used in the decision-making
process [4]. Twitter has become a favorite social media
platform among Indonesians for sharing views and
information on various topics [5] where users can connect
with family, friends, and loved ones through the use of
computers or mobile phones [6]. Twitter also facilitates
users with features like hashtags and trending topics [7]
allowing people to participate in various conversations and
events that are currently being widely discussed [8] making
it considered a social network that provides broader and
more accurate data compared to other platforms [9].

Football is a popular topic for discussion and receives
many opinions from the public [10]. Indonesia is also known
as a country in Asia with very high enthusiasm for football
[11]. This indicates that football has become an essential
element for the Indonesian people, creating great
expectations for its development in the future [12].
International football competitions are highly anticipated
events by the Indonesian public [13]. The participation of
the Indonesian National Team in international sports
competitions colcully garners significant attention from
the public. It has become a hot topic of discussion,
especially on social media platforms like Twitter [14]. One
of the presligi()umx)lball competitions eagerly awaited by
Indonesians is the 2024 U-23 Asian Cup, where the
Indonesian National Team is also participating. Various
opinions and sentiments from the public emerge on social
media as the Indonesian National Team progresses in this
competition.

Manual data management on social media requires
significant effort and time, thus necessitating a classification
model that can automatically categorize these opinions into
sentiment labels [15]. Machine Learning can extract
knowledge from abundant data sources and make decisions
or predictions without direct user intervention, making it an
effective tool for automating data processing [16].
Sentiment analysis is a field of development within Machine
Learning commonly used to understand public views on
specific issues or events through social media [17] by
extracting valuable information from unstructured data [18].
The results of data processing with sentiment analysis
techniques can produce information in the form of public
opinions classified into positive, neutral, or negative
sentiment categories [19].

Several previous studies have focused on the topic of
sentiment analysis in football. For cxilmpl@]e study [20]
analyzed sentiments towards football news on Twitter using
the Support Vector Machine (SVM) algorithm. This study
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obtained 509 data points classified into three different
categories. It achieved an accuracy rate of up to 91%,
demonstrating the success of applying the SVM algorithm in
assisting the sentiment classification process of public
opinion. Another study [21] on sentiment analysis regarding
changes in football policy on Twitter used the Naive Bayes
algorithm, where 1800 data points were grouped into two
different categories and achieved an accuracy rate of up to
96%, also showing the effectiveness of this algorithm in
sentiment classification of public opinion. This research
aims to understand n:)lic perception on Twitter regarding
the involvement of the Indonesian National Team in the
2024 U-23 Asian Cup by automatically categorizing these
opinions into negative, neutral, and positive classes using
the TextBlob library. Furthermore, thitudy will compare
the effectiveness of two methods, the Support Vector
Machine (SVM) and Naive Bayes algorithms, by
determining which algorithm has the best accuracy in
sentiment classification.

2 METHOD

The researchers conducted a series of steps in the data
processing procedure, as illustrated in the diagram provided
in Figure 1. These steps outline the process that must be
followed to achieve the desired results in the data analysis.

Preprocessing

Case Folding
Data Collection —» e
Convert Slang Word

Remove Stopwords

¥

Implementation

Data Labeling

Evaluation
Testing Split data
Train : Test= 8:2

Algorithm
Implementation

Figure 1. Stages of Research.

2.1 Data Collection

In this step, the researchers accessed a dataset from the
social media pl':lll'l’l Twitter regarding public opinions on
the participation of the Indonesian National Team in the
Asian Cup U-23 2024 competition using the Python
programming language with the twitter_auth_token. The
keyword phrase used was "timnas Indonesia u23". Data was
collected over the period from April 15 to May 3, 2024, with
texts in Indonesian, resulting in 3746 tweets, as shown in
Figure 2. The dataset was saved in CSV file format.
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Figure 2. Results of Data Retrieval.

The next step is to remove unnecessary columns from
the table and retain only the columns containing public
opinions. Table | presents examples of tweets to provide a
clearer picture of the variation in expressions and sentiment
analysis used in this research.

Table 1. Several Opinions from Twitter

Tweet

Semangat Timnas Indonesia U23
#TimNasDay

jelek sekali permainan Timnas Indonesia U23 malam ini.
Sangat kecewa §/.

Terima kasih untuk Timnas Indonesia U23 perjuangan
kalian sampai sejauh ini patut diapresiasi Q Tetap
semangat untuk berjuang di laga selanjutnya ya Q)
@KompasBola

#PlayoffOlimpiade #0limpiadeParis2024
#TimnasIndonesia # KitaGaruda #TimnasDay #Guinea
#Erick Thohir
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Tweet

Indonesia tidak akan lolos ke Olimpiade ﬁ

22 Preprocessing Data

The next step is preprocessing the CSV dataset. Before
entering this stage, the dataset with similar or duplicate
opinion values must be removed first, resulting in a total
dataset of 3367 entries for the subsequent processes. Data
preprocessing is the process of transforming unstructured
text into a more structured form, which will aid in data
processing[22]. Several steps in data preprocessing include
cleansing, case folding, tokenizing, converting slang words,

and removing stopwords.
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Cleansing: The cleansing process is an essential

step in data preprocessing. Cleansing aims to
remove all URL links, symbols, mentions, retweets,
hashtags, and emoticons from the dataset [23]. This
step is necessary to ensure that the data used for
further analysis or processing is clean and free from

irrelevant  or

distracting characters

[24]. By

performing cleansing, the dataset becomes cleaner
and ready for the next preprocessing steps, where
the text results have already passed through the
cleansing stage, as shown in Table 2.

Table 2. The Outcome of Data Cleansing

Before

After

Semangat Timnas Indonesia U23
#TimNasDay

Semangat Timnas
Indonesia

jelek sekali permainan Timnas
Indonesia U23 malam ini.

Sangat kecewa §/.

jelek sekali permainan
Timnas Indonesia
malam ini Sangat
kecewa

Terima kasih untuk Timnas
Indonesia U23 perjuangan kalian
sampai sejauh ini patut
diapresiasi Q Tetap semangat
untuk berjuang di laga
selanjutnya ya ()
@KompasBola
#PlayoffOlimpiade
#OlimpiadeParis2024
#TimnasIndonesia #KitaGaruda
#TimnasDay #Guinea
#ErickThohir

Terima kasih untuk
Timnas Indonesia
perjuangan kalian
sampai sejauh ini
patut diapresiasi Tetap
semangat untuk
berjuang di laga
selanjutnya ya

RESMI : Nathan Tjoe telah mendapatkan izin dari
Heerenveen untuk kembali memperkuat timnas Indonesia
di ajang Piala Asia U23.

#timnasindonesiau23 #shintacyong #pelatih
#timnasindonesia
https://www.viva.co.id/bola/liga-indonesia/1 708088-
alasan-heerenveen-izinkan-nathan-tjoe-a-on-kembali- ke-
timnas-indonesia-u-23

RT@BolaBolaAja Pertama kali gw lihat Timnas Indonesia
U23 semalam main dan jelek banget mainnya, gak becus,
menang euforia doang di medsos sama akun2 alay.

Y NC ND
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RESMI : Nathan Tjoe telah
mendapatkan izin dari
Heerenveen untuk kembali
memperkuat timnas Indonesia di
ajang Piala Asia U23.
#timnasindonesiau23
#shintaeyong #pelatih
#timnasindonesia
https://www.viva.co.id/bola/liga-
indonesia/1 708088-alasan-
heerenveen-izinkan-nathan-tjoe-
a-on-kembali-ke-timnas-

RESMI Nathan Tjoe
telah mendapatkan
izin dari Heerenveen
untuk kembali
memperkuat timnas
Indonesia di ajang
Piala Asia

See for details: https:/creativecommons.org/licenses/by-nc-nd/4.0/




DOI:

Before After

indonesia-u-23

RT@BolaBolaAja Pertama kali
gw lihat Timnas Indonesia U23
semalam main dan jelek banget
mainnya, gak becus, menang
euforia doang di medsos sama
akun2 alay. Indonesia tidak akan

lolos ke Olimpiade ﬁ

Pertama kali gw lihat
Timnas Indonesia
semalam main dan
Jelek banget mainnya
gak becus menang
euforia doang di
medsos sama akun
alay Indonesia tidak
akan lolos ke
Olimpiade

Case Folding: The next step 1s case folding, which
is the process of converting all uppercase letters in
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the dataset to lowercase letters with the aim of
standardizing the text because uppercase letters can
affect subsequent analysis processes [25]. The text
results that have undergone the case folding stage
are shown in Table 3.

Table 4. The Outcome of Toke
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Before After
semangat timnas indonesia semangat, imnas,
indonesia

jelek sekali permainan
timnas indonesia malam ini
sangat kecewa

jelek, sekali, permainan,
timnas, indonesia, malam,
ini, sangat, kecewa

terima kasih untuk timnas
indonesia perjuangan kalian
sampai sejauh ini patut
diapresiasi tetap semangat
untuk berjuang di laga
selanjutnya ya

terima, kasih, untuk,
timnas, indonesia,
perjuangan, kalian, sampai,
sejauh, ini, patut,
diapresiasi, tetap,
semangat, untuk, berjuang,
di, laga, selanjutnya, ya

resmi nathan tjoe telah
mendapatkan izin dari
heerenveen untuk kembali
memperkuat timnas
indonesia di ajang piala asia

resmi, nathan, tjoe, telah,
mendapatkan, izin, dari,
heerenveen, untuk,
kembali, memperkuat,
timnas, indonesia, di,
ajang, piala, asia

Table 3. The Outcome of Case Folding

Before

After

Semangat Timnas Indonesia

semangat timnas indonesia

jelek sekali permainan
Timnas Indonesia malam
ini Sangat kecewa

jelek sekali permainan
timnas indonesia malam ini
sangat kecewa

Terima kasih untuk Timnas
Indonesia perjuangan kalian
sampai sejauh ini patut
diapresiasi Tetap semangat
untuk berjuang di laga
selanjutnya ya

terima kasih untuk timnas
indonesia perjuangan
kalian sampai sejauh ini
patut diapresiasi tetap
semangat untuk berjuang di
laga selanjutnya ya

pertama kali gw lihat timnas
indonesia semalam main
dan jelek banget mainnya
gak becus menang euforia
doang di medsos sama akun
alay indonesia tidak akan
lolos ke olimpiade

pertama, kali, gw, lihat,
timnas, indonesia,
semalam, main, dan, jelek,
banget, mainnya, gak,
becus, menang, euforia,
doang, di, medsos, sama,
akun, alay, indonesia,
tidak, akan, lolos, ke,
olimpiade

RESMI Nathan Tjoe telah
mendapatkan izin dari
Heerenveen untuk kembali
memperkuat timnas
Indonesia di ajang Piala
Asia

resmi nathan tjoe telah
mendapatkan izin dari
heerenveen untuk kembali
memperkuat timnas
indonesia di ajang piala
asia

Pertama kali gw lihat
Timnas Indonesia semalam
main dan jelek banget
mainnya gak becus menang
euforia doang di medsos
sama akun alay Indonesia
tidak akan lolos ke
Olimpiade

pertama kali gw lihat
timnas indonesia semalam
main dan jelek banget
mainnya gak becus menang
euforia doang di medsos
sama akun alay indonesia
tidak akan lolos ke
olimpiade

Converting slang words: The following process is

converting slang words, which involves removing
all affixes from words to obtain their base form in
the dataset [27]. The Sastrawi library facilitates
further analysis processes. The text results that
have undergone the convert slang word stage are

shown in Table 5.

Table 5. The Outcome of Converting Slang Words

Before

After

semangat, timnas, indonesia

semangat, timnas,
indonesia

jelek, sekali, permainan,
timnas, indonesia, malam,
ini, sangat, kecewa

jelek, sekali, main, timnas,
indonesia, malam, ini,
sangat, kecewa

223

Tokenizing: The next stage in data preprocessing is
the tokenization process, which involves splitting a
sentence into several words or tokens [26] allowing
for more effective processing of individual words
and facilitating the subsequent preprocessing stages
such as Convert Slang Word and Remove
Stopwords. The text results that have undergone the
tokenization stage are as shown in Table 4.

terima, kasih, untuk, timnas,
indonesia, perjuangan,
kalian, sampai, sejauh, ini,
patut, diapresiasi, tetap,
semangat, untuk, berjuang,
di, laga, selanjutnya, ya

terima, kasih, untuk,
timnas, indonesia, juang,
kalian, sampai, jauh, ini,
patut, apresiasi, tetap,
semangat, untuk, juang, di,
laga, lanjut, ya

resmi, nathan, tjoe, telah,
mendapatkan, izin, dari,
heerenveen, untuk, kembali,
memperkuat, timnas,
indonesia, di, ajang, piala,
asia

resmi, nathan, tjoe, telah,
dapat, izin, dari,
heerenveen, untuk,
kembali, kuat, timnas,
indonesia, di, ajang, piala,
asia

pertama, kali, gw, lihat,

pertama, kali, saya, lihat,

This article is distributed under the terms of the Creative Commons Attribution-NonCommercial-NoDerivatives 4.0 International License.
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Before

After

timnas, indonesia, semalam,
main, dan, jelek, banget,
mainnya, gak, becus,
menang, euforia, doang, di,
medsos, sama, akun, alay,
indonesia, tidak, akan,
lolos, ke, olimpiade

timnas, indonesia, malam,
main, dan, jelek, banget,
main, tidak, becus,
menang, euforia, doang, di,
medsos, sama, akun, alay,
indonesia, tidak, akan,
lolos, ke, olimpiade

225  Remove Stopwords: The next stage is the remove
stopwords process, which involves removing all
conjunctions and unnecessary words from the
dataset [28]. This process utilizes the NLTK
library. After removing the stopwords, the
remaining words are recombined into a single
sentence. Removing unnecessary words makes the
dataset more focused and clean, enabling more
effective and efficient analysis. Stopword removal
helps reduce noise in the data and ensures that only
meaningful words are analyzed [29]. The text
results that have undergone the remove stopwords
stage are shown in Table 6.

Table 6. The Outcome of Remove Stopwords

Before

After

semangat, timnas, indonesia

semangat timnas indonesia

Jjelek, sekali, main, timnas,
indonesia, malam, ini,
sangat, kecewa

jelek main timnas
Indonesia malam kecewa

terima, kasih, untuk, timnas,
indonesia, juang, kalian,
sampai, jauh, ini, patut,
apresiasi, tetap, semangat,
untuk. juang, di, laga,
lanjut, ya

terima kasih timnas
indonesia juang patut
apresiasi semangat juang
laga lanjut

resmi, nathan, tjoe, telah,
dapat, izin, dari,
heerenveen, untuk, kembali,
kuat, timnas, indonesia, di,
ajang, piala, asia

resmi nathan tjoe dapat izin
heerenveen kembali kuat
timnas indonesia ajang
piala asia

pertama, kali, saya, lihat,
timnas, indonesia, malam,
main, dan jelek , banget,
main, tidak, becus, menang,
euforia, doang, di, medsos,
sama, akun, alay, indonesia,
tidak, akan, lolos, ke,
olimpiade

lihat timnas indonesia
malam main jelek banget
main tidak becus menang
euforia medsos akun alay
indonesia tidak lolos
olimpiade

3 RESULT AND DISCUSSION

After running the preprocessing data, the researchers

conducted data

visualization

based on the 25 most

frequently occurring words in the form of a bar chart, as

shown in Figure 3 below.

Vol. 12, No. 1, 2023, Pp. X-Y

o
4000
Jé)ﬂm
]
5]
2000
1000 III
Al Il“ i
Fiqgzefdgc” L
s 5 =§ S 8 ]
= 2 -
|
3
Word
Figure 3. Visualization of Word Frequency in Bar Chart.

Based on the visualized data in the form of a Bar Chart
above, the most frequently occurring words are "timnas,"
followed by "Indonesia," and then "piala." The researchers
also conducted data visualization by creating a word cloud
that displays each word weighted according to its frequency
in the dataset. Figure 4 shows the visualization of the word
cloud that has been created.

Figure 4. Visnalization of Word Frequency in Word Cloud.

3.1 Data Labeling

Before labeling the dataset with the TextBlob library,
Indonesian-language texts must first be translated into
English using the google_trans library. Table 7 below shows
the dataset before and after the translation process of words
into English.

Table 7. The Outcome of Data Translation Process

Before After

semangat timnas indonesia spirit of the indonesian

national team

jelek main timnas Indonesia
malam kecewa

bad to play the indonesian
national team at night
disappointed

This article is distributed under the terms of the Creative Commons Attribution-NonCommercial-NoDerivatives 4.0 International License.
See for details: https:/creativecommons.org/licenses/by-nc-nd/4.0/
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Before

After

terima kasih timnas
indonesia juang patut
apresiasi semangat juang
laga lanjut

thank you indonesian
national team deserves
appreciation for their
fighting spirit in the next
match

resmi nathan tjoe dapat izin
heerenveen kembali kuat
timnas indonesia ajang piala
asia

nathan tjoe officially gets
permission for l'nnenveen
to return strong for the
indonesian national team in
the asian cup

lihat timnas indonesia

malam main jelek banget
main tidak becus menang
euforia medsos akun alay

saw the indonesian national
team playing really bad
tonight didn't they play
because they won the

indonesia tidak lolos
olimpiade

euphoria of social media
the indonesian alay account
didn't qualify for the
olympics

The next step is to label the data using the TextBlob
library. TextBlob is a Python programming library that
facilitates the automatic annotation of text data. This is
achieved by computing the polarity values of the words
within the text [30]. These polarity values can yield insights
into the sentiment or emotional content present within the
text. Table 8 below shows the dataset before and after the
labeling process.

Table 8. The Outcome of Data Labeling

Text Label
spirit of the indonesian national team Positive
bad to play the indonesian national team at Negative
night disappointed

thank you indonesian national team deserves Positive
appreciation for their fighting spirit in the next

match

nathan tjoe officially gets pﬂ'lissi()n for Neutral
heerenveen to return strong for the indonesian

national team in the asian cup

saw the indonesian national team playing Negative

really bad tonight didn't they play because they
won the euphoria of social media the
indonesian alay account didn't qualify for the
olympics

Using the TextBlob library, each text in the dataset has
been assigned a sentiment label based on its analysis of the
words contained within it. This allows for further analysis of
the sentiment of these texts, such as evaluating customer
feedback or understanding public opinion on a product or
service. To facilitate researchers, the results of sentiment
classification that have been conducted can be visualized in
the form of a pie chart, as shown in Figure 5 below.

Vol. 12, No. 1, 2023, Pp. X-Y

Positive

Megative

Neutral
TextBlob
Positive 1597 47.43
Neutral 1354 41.10
Negative 386 11.46

Figure 5. Visualization of Word Frequency in Bar Chart.

This visualization helps researchers quickly see the
distribution of sentiment within the dataset graphically,
making it easier to analyze and understand the overall
sentiment classification results. By looking at the diagram,
it's easier to identify the majority sentiment as positive,
negative, or neutral and gain additional insights into any
patterns that may exist in the data. Based on the
classification results using the TextBlob library, there are
1597 public opinions categorized as positive, representing
4743% of the total. Furthermore, there are 1384 opinions
considered neutral, covering 41.10% of the overall data.
Meanwhile, negative opinions amount to 386, with a
proportion of 11.46%. Therefore, the majority of public
opinions in the dataset tend to be positive, followed by
neutral opinions, with a smaller proportion being negative.

32 TF-IDF Weighting

TF-IDF weighting aims to assign values to data based on
the frequency of word occurrence in a document. The
frequency of each word in l()cumenl is calculated and
then given a weight based on the frequency of occurrence of
that word relative to the total number of documents
containing that word [31]. This process utilizes the
'CountVectorizer' library in the Python programming
language to convert text into metric form or numerical
values.

3.3 Data Splitting into Training and Testing
After the data weighting pl'(mi using the TF-IDF
method, the next step is to split the data into two groups: the
training data group and the testing data group. This process
is an essential step in preparation for further analysis. In this
study, the data splitting process is done with a particu
proportion, where 80% of the entire dataset is allocated as
training data, and the remaining 20% is used as testing data.

This article is distributed under the terms of the Creative Commons Attribution-NonCommercial-NoDerivatives 4.0 International License.
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34 Algorithm Implementation

The evaluation stage is a crucial component in every
system development process, aiming to assess the success
level based ()&eciﬁc metrics. In this study, the researchers
applied the Naive Bayes and Support Vector Macm
algorithms to the training and testing data in the dataset. The
next step is for the researchers to process the data using a
confusion matrix on the 3367 data poigejthat have been split
into training and testing data from the appfSation of the
Naive Bayes algorithm. The visualization results of the
confusion matrix process can be seen in Figure 6 below.

Confusion Matrix

H 1000
- 161 ™ 71
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800
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Figure 6. Confusion Matrix of Naive Bayes Implementation Result

The following table 8 explains the description provided
in the above Figure 6 regarding the results of the confusion
matrix obtained by applying the Naive Bayes algorithm.

Table 9. Results from the Naive Bayes Method's Confusion Matrix

Vol. 12, No. 1, 2023, Pp. X-Y
#Accuracy Score Naive Bayes Algorithm
accuracy = accuracy_score(y_test, predictions)
print("Accuracy score NaiveBayes: {:.2f}%".format{accuracy*18@)}

Accuracy score NaiveBayes: 82.81%

Figure 7. Confusion Matrix of Naive Bayes Implementation Result.

Next step the data will be processed ng a confusion
matrix on the 3367 data points that have been divided into
training and testing data fr()the application of the SVM
algorithm. The visualization results of the confusion matrix
process can be seen in Figure 8 below.

Confusion Matrix

- 250
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Figure 8. Confusion Matrix of Naive Bayes Implementation Result.

The description provided in the Figure 8 above regarding
the results of the confusion matrix obtained by applying the
SVM algorithm is explained in the following table 9.

Table 10. Results from the SVM Method's Confusion Matrix

Description Value Data
True Positive (TPos) 1152

False Neutral Positive (FNetPos) 181

False Negative Positive (FNegPos) 71

False Positive Neutral (FPosNet) 99

True Neutral (TNET) 917

False Negative Neutral (FNegNet) 79

False Positive Negative (FPosNeg) 27

False Netutral Negative (FNetNeg) 6

True Negative (TNeg) 161

The next step is to conduct the accuracy testing process

Description Value Data
True Positive (TPos) 1152

False Neutral Positive (FNetPos) 181

False Negative Positive (FNegPos) 71

False Positive Neutral (FPosNet) 99

True Neutral (TNET) 917

False Negative Neutral (FNegNet) 79

False Positive Negative (FPosNeg) 27

False Netutral Negative (FNetNeg) 6

True Negative (TNeg) 161

The next step is to conduct the accuracy testing process

for the implementation of the Naive Bayes algorithm that
has been performed, where the rcsg of this process yields
an accuracy value of 82.81% as shown in the following
Figure 7.

for the implementation of the SVM algorithm that has been
performed. The rcsa of this process yields an accuracy
value of 80.04%, as shown in the following Figure 9.
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#Accuracy Score SVM Algorithm
accuracy = accuracy_score(y_test, y_pred)
print("Accuracy score svm: {:.2f}%".format(accuracy*100))

Accuracy score svm: B9.42%

Figure 9. Confusion Matrix of SVM Implementation Result.

35  Evaluation Testing

In this st. researcher have implemented two distinct
algorithms: Naive Bayes and Support Vector Machine
(SVM). Each algorithm offers unique and effective methods
for processing data. The Naive Bayes algorithm is rooted in
Bayes’ theorem and provides a probability-based approach
to classification [32]. On the other hand, SVM is a robust
technique that operates by seeking the optimal hyperplane to
separate data classes [33]. Evaluation testing is a critical step
in the process of developing and assessing models in
machine learning. At this stage various evaluation metrics
such as Fl-score, recall, and precision are ﬂl(wed to
assess the performance of the implemented model. The
following table 11 shows the results of the Fl-score, recall,
and precisionvalues of the Naive Bayes algorithm
implementation and the following table 12 shows the results
of the Fl-score, recall, and precision values of the SVM
algorithm implementation in this study.

Table 11. Evaluation Testing of Naive Bayes Implementation Result

Precision Recall Fl-score support

_Negative 083 0.52 0.64 311
Neutral 0.84 0.83 0.83 1104
Positive 082 0.90 0.86 1278
Accuracy 0.83 2693

_[Bhcro avg 0.83 0.75 0.78 2693
Weighted avg  0.83 0.83 0.82 2693

In the table 11 above, the evaluation r@lls show
accuracy values for negative sentiment with an Fl-score of
64%, a recall of 52%, and a precision of 83%. For neutral
sentiment, the Fl-score reaches 83%, recall 1s 83%, and
precision is 84%. Meanwhile, for positive sentiment, there is
an Fl-score of 86% ,recall of 90%, and precision of 82%.

Table 12. Evaluation Testing of SVM Implementation Result

Precision Recall Fl-score support

_Negative 0.76 0.33 046 75
Neutral 0.76 0.89 0.82 280
Positive 0.86 0.84 0.85 319
Accuracy 0.80 674
Macro avg 0.79 0.69 0.71 674
Weighted avg 081 0.80 0.79 674

In the table 12 above, the evaluation rﬂlts show
accuracy values for negative sentiment with an Fl-score of
46%, a recall of 33%, and a precision of 76%. For neutral
sentiment, the Fl-score reaches 82%, recall is 89%, and
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precision is 76% . Meanwhile, for positive sentiment, there is
an Fl-score of 85%, recall of 89%, and precision of 86%.

4 CONCLUSION

Out of the total data collected from the Twitter social
media platfc regarding public sentiment towards the
participation of the Indonesian national team in the Asian
Cup U23 football competition, only 3367 unique or non-
duplicate data were obtained and used in this study. The
sentiment classification process on the 3367 datasets using
the TextBlob library resulted in 1597 data classified as
positive sentiment, 1384 as neutral sentiment, and 386 as
negative sentiment. These data indicate that the lﬂilj()n‘ of
public opinions on Twitter regarding the participation of the
Indonesian National Team in the Asian Cup U-23 are either
positive or neutral. This reflects significant support from the
Indonesian community, although there are still some
negative opinions. The use of the Naive Bayes algorithm on
3367 tweet data yielded an accuracy score of 82.81%, while
the SVM algorithm resulted in an accuracy score of 80 42%.
In the evaluation stage, the Naive Bayes algorithm alalined
an accuracy values for negative sentiment with an Fl-score
of 64%, a recall of 52%, and a precision of 83%. For neutral
sentiment, the Fl-score reaches 83%, recall 1s 83%, and
precision is 84% . Meanwhile, for positive sentiment, there is
an Fl-score of 86%, recall of 90%, and precision of 82%. In
the SVM ;llg()rithnabl;lined an accuracy values for negative
sentiment with an Fl-score of 46%., a recall of 33%, and a
precision of 76%. For neutral sentiment, the Fl-score
reaches 82%. recall is 89%, and precision is 76%.
Meanwhile, for positive sentiment, there is an Fl-score of
85%, recall of 89%, and precision of 86%. This indicates
that the implementation of both algorithms can classify
sentiment with a relatively high level of accuracy. The
outcomes of the dataset processing that has been conducted
can be applied as a reference in the decision-making
process, or as material for evaluation and development to
enhance the performance quality of the Indonesian National
Team in the forthcoming period.
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